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Optimization of earthquake-affected structures is one of the 

most widely used methods in structural engineering. In this 

paper optimum design of structures for earthquake loading 

was achieved by simulated annealing method. The 

evolutionary algorithm was employed for optimum design of 

two space structures. To reduce the computational work, a 

discrete wavelet transform (DWT) was used. In DWT the 

number of points in the earthquake record was decreased 

with Mallat Method. A dynamic analysis of time history was 

carried out. By DWT the earthquake signal was decomposed 

into a number of points. Then the two space structures were 

optimized for these reduce points. The actual responses were 

reconstructed with a reverse wavelet transform (RWT). A 

number of space structures were designed for minimum 

weight. The result show, DWT and RWT were an effective 

approach for reducing the computational cost of 

optimization. 
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1. Introduction 

Many studies have been conducted about optimization in civil engineering [1,2]. Optimum 

design of structure was to select the design variables such that the weight of structure was 
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minimized [3–7]. Optimization of earthquake-affected structures is one of the most widely used 

methods in structural engineering. The optimum design of structure for earthquake loads was 

formulated and the optimum value was obtained by simulated annealing [8]. During recent years, 

many studies have been conducted to design the structures under dynamic loading. Chang et. al 

developed a multi-purpose method based on genetic algorithm using fuzzy logic theories for the 

optimal design of two-dimensional frames subjected by dynamic loading [9]. In reference [10] 

PSO algorithm was used for optimum design of structures for dynamic loading. Kaveh and 

Talatahari [11–13] designed and optimized various types of structures, for which a charged 

system search algorithm was used. 

In this work, member cross-section was considered as design variables. These members were 

chosen from a set of discrete variables. The constraints of optimization were used as bounds on 

member stresses and displacements joint of structures. 

For large structures, the analysis was very time consuming, and the optimal process was very 

inefficient. A DWT was used to transfer the earthquake record to a signal with small number of 

points [14–16]. Thus, the dynamic analysis of structure was carried out with lesser points. One of 

the applications of wavelet transform is damage identification. Damage identification with 

wavelet packet was used by Naderpour and Fakharian [17]. 

The wavelet theory (WT) was the solution to overcome the shortcomings of the Fourier 

transform (FT) [18]. One of the applications of wavelets used in this paper was using a wavelet 

transform to produce an approximate earthquake record from the main earthquake record. 

The dynamic analyses of structures for the main record were computed with RWT. The 

numerical results indicated that this method was a powerful technique. The value of error in this 

method was small. Salajegheh and Heidari decomposed the main record of earthquake into a new 

record with smaller point [6]. 

In the present study, the details of DWT and RWT will be explained. The details of optimization 

will be discussed. Some numerical examples will be presented. The computational time of 

optimization method was compared. 

2. Simulated annealing 

The basis of simulated annealing (SA) method was a random search algorithm for determining 

the minimum value by emulating the natural process found in metals during a temperature drop. 

The SA technique makes stochastic changes with a probabilistic acceptance criterion. The 

temperature started was chosen and reduced by a rate during the optimization. The algorithm 

accepts the random values of the search at the high temperatures, and then move drops at the low 

temperature. At temperature, T, the algorithm perturbs the position and evaluates the resulting 

change in the energy of the system. The most frequently used function in SA was as: 

𝑃𝑟 =
1

1+𝑒(𝑂𝐴−𝑂𝐶)/𝜃
 (1) 
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where θ indicates temperature, OA and OC represent the objective function for a candidate design 

and the current point, respectively. If 𝑂𝐴 ≥ 𝑂𝐶, was the criterion of accepting or rejecting new 

point. This point for optimization was selected and compared with Pr, value should be in the 

interval (0,1). If the value was lower than Pr, the point will be accepted or rejected. In an 

optimization solution, θ was a control parameter which regulates the convergence of the method. 

For the cooling schedule the final temperature (𝜃𝐹), cooling factor (𝐶𝑓), and choices of initial 

temperature (𝜃𝑠) was required. Cooling schedule formulations were used as follows [19,20]: 

𝜃𝑠 = −
1

ln⁡(𝑃𝑟𝑠)
 (2) 

𝜃𝑓 = −
1

ln⁡(𝑃𝑟𝑓)
 (3) 

𝐶𝑓 = [
ln(𝑃𝑟𝑠)

ln(𝑃𝑟𝑓)
]1/(𝑁𝑐−1) (4) 

where Nc indicates the number of cooling cycles; 𝑃𝑟𝑠 and 𝑃𝑟𝑓 show the initial and final 

acceptance probabilities, respectively. The initial temperature was assigned such that the poor 

candidate designed at first was treated with an average 𝑃𝑟𝑠. The initial value of temperature was 

high for higher values of the starting acceptance probability. Therefore, it was mostly chosen as 

0.5 to 0.9. In the some researchers consider, 𝑃𝑟𝑠=0.5 [19–21]. Acceptance probability was 

equated to small values for example 𝑃𝑟𝑓 = 10-7 
or 10

-8 
in the final process. The cooling factor 

(0<𝐶𝑓<1) applied for reducing the temperature. The cooling cycles number (Nc) was selected, 

and the temperature of the next cycle 𝜃𝑐+1 was calculated as 𝜃𝑐+1 = 𝐶𝑓𝜃𝑐, where 𝜃𝑐was the 

temperature of previous cycle. The decreasing temperature was very sensitive to the number of 

cooling cycles [21]. In references [19–21] it shows that for Nc=100, optimum design was found, 

and Nc=200 and 300 were suitable values. 

3. Wavelet transform 

The structures have been analyzed for seismic loadings by FT and FFT, which well used in 

dynamic analysis [22]. Wavelet transform (WT) was used as a mathematical tool in signal 

processing [23].  

4. DWT of earthquake record 

In DWT, filters with different frequencies are used for analyzing signals in different scales. By 

passing the signal through high- and low-pass filters, the different signals are analyzed. In 

discrete conditions, the signal resolution is controlled by filter operators and the scale varies 

using down-sampling or up-sampling. DWT of signal was defined as follows [23]: 

DWT(τ,s)=∑ 𝑎(𝑡)𝜓∗[
(𝑡−𝜏)𝛿𝑡

𝑠
]𝑁−1

𝑡=0  (5) 

This equation is a function of two variables a and b. Here b indicates translation, a represents 

scale and is corresponding to period. Index * shows complex conjugate, s and ψ are the main 
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wave (earthquake record) and mother wavelet, respectively and δt indicates the time increment. 

ψ was defined as: 

𝜓 [
(𝑡−𝜏)𝛿𝑡

𝑠
] = (

𝛿𝑡

𝑠
)0.5𝜓0[

(𝑡−𝜏)𝛿𝑡

𝑠
] (6) 

in which 𝜓0 was called mother wavelet. In this study, Morlet function [24] was used as follows: 

𝜓0(𝑡) = 𝑒𝑖𝜔0𝑡𝑒−𝑡
2/2 (7) 

An appropriate value for 𝜔0 can be considered as 𝜔0=6. The smallest value for 𝑠0 was as 

𝑠0 = 𝑏𝛿𝑡, where 𝑏 > 1. The larger scales were chosen as power of two multiples 𝑠0. 

5. RWT of responses 

The WT was a reversible, and the main signal can be reconstructed by the following equation: 

𝑎(𝑡) = 𝑐𝜓 ∑ ∑ 𝐷𝑊𝑇(𝜏𝑘 , 𝑠𝑗)𝜓(
(𝑡−𝜏𝑘)𝛿𝑡

𝑠𝑗
)𝑘𝑗  (8) 

where 𝑐𝜓 was a constant value, which should be satisfy the following condition:  

𝑐𝜓 = 2π∫
|�̂�(𝜔)|

2

|𝜔|

+∞

−∞
𝑑𝜔 < ∞ (9) 

where �̂�(𝜔) was Fourier transform of 𝜓(𝑡). 

6. The main steps of optimization with DWT and RWT 

The main steps of optimization method with DWT and RWT were as: 

1. A mother wavelet (Eq. 7) was chosen. 

2. A minimum scale of 𝑠0, and the all other scales were chosen. 

3. The location of the first wavelet 𝜏 was considered equal to zero. 

4. Specifying scale and translation was determined according to Eq. 6. 

5. Equation 5 was used to determine the DWT of the main earthquake record. 

6. The value of 𝜏 parameter was increased, and the process was repeated from step 4. 

7. The procedure was repeated until 𝜏 to be the end point of the main earthquake record. 

8.  DWT coefficients were computed. 

9. DWT coefficients were new records. The dynamic responses of the investigated structure 

were considered for these points using Newmark method [23]. 

10. Using Eq. 8 the actual responses were reconstructed  

11. Using SA method, the structure was optimized.  

12.  Check the convergence of the optimization, if convergence was satisfied, the process will be 

stopped, otherwise the cross-sections will be updated and the process was repeated from step 

8. 
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7. Two numerical examples of truss 

Two space structures were optimized. The ElCentro S-E 1940 earthquake record is used. The 

response of dynamic analysis of the structure was calculated by the Newmark method. The 

earthquake record was applied only in x direction. The optimization was carried out by the SA 

using exact dynamic analysis (SAE), and SA using DWT and RWT (SAW) method. In all the 

examples, modules of Elasticity was 2.1×10
6 

kg/cm
2
, weight density was equal to 0.0078 

kg/cm
3
, damping ratio was considered 0.05, allowable stress was taken 1100 kg/cm

2
, members 

were pipes, with radius to thickness less than 50cm. 

7.1. Example number 1 

A space structure with double layer grid shown in Fig. 1 was optimized. The dimensions of 

10×10m for top layer and 8×8m for bottom layer was used. The height of the structure was 

0.5m. At the corner joints 25, 21, 5 and 1 of the bottom-layer simply supported was used. At 

each free node of truss the mass of 3 kg.s
2
/cm was lumped. The vertical displacement of joint 13 

must be lower than 10cm. A set of available values for the cross-sectional areas of the members 

was given in Table 1. The members were categorized into 13 different types and shown in Table 

2. The convergence history of optimization was given in Fig. 2 and Table 3. In the cases SAE 

and SAW, the number of generations were 287 and 256, the final weights were 5397.7 and 

5372.2 kg, and the time was 53 and 9 minute, respectively. 

 

   
Fig. 1-a. the plan of space 

structure. 

Fig. 1-b. Bottom layer of space 

structure. 

Fig. 1-c. Top layer of space 

structure. 
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Fig. 2. Convergence history with SA. 

Table 1 

Available Member Areas (cm
2
). 

No. Area No. Area No. Area No. Area 

1 0.8272 9 3.789 17 12.99 25 27.54 

2 1.127 10 4.303 18 13.66 26 29.69 

3 1.727 11 4.479 19 15.11 27 33.93 

4 2.267 12 5.693 20 17.13 28 40.14 

5 2.777 13 6.563 21 18.74 29 43.02 

6 3.267 14 7.413 22 19.15 30 51.03 

7 3.493 15 8.229 23 21.15 31 68.35 

8 3.789 16 9.029 24 25.11 32 70.7 

 

Table 2 

Member Groups. 
No. Member  No. Member  No. Member 

1 1-4; 37-40 6 7; 16; 25; 34 11 47; 50; 58; 61; 69; 72; 80; 83; 

91; 94 

2 10-13; 28-31 7 41-45; 96-100 12 48; 49; 59; 60; 70; 71; 81; 82; 

92; 93 

3 19-22 8 52-56; 85-89 13 Diagonal members 

4 5; 9; 14; 18; 23; 27; 32; 

36 

9 63-67; 74-78   

5 6; 8; 15; 17; 24; 26; 33; 

35 

10 46; 51; 57; 62; 68; 73; 79; 84; 

90; 95 
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Table 3 

Results of Optimization. 

Group no. 

Areas (cm
2
) 

SAE SAW 

1 68.35 68.35 

2 10.57 10.57 

3 3.789 3.789 

4 10.57 10.57 

5 10.57 10.57 

6 18.74 18.74 

7 12.99 10.57 

8 12.99 12.99 

9 10.57 9.029 

10 12.99 10.57 

11 4.479 3.789 

12 18.74 18.74 

13 25.11 25.11 

Weight (kg) 5397.7 5372.2 

Generation no. 287 256 

Time (min.) 53 9 

 

7.2. Example number 2 

The space truss shown in Fig. 3 was optimized. The mass of 6 kg.s
2
/cm was lumped at each node 

of truss. The problem was optimized with stress, horizontal displacement and Euler’s buckling 

constraints. The horizontal displacement was considered to be lesser than 8cm. A set of discrete 

values considered for the member cross-section areas were given in Table 1. The category of 

members was shown in Table 4. 
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Fig. 3. Space structure of example 2. 

The optimization results and converge history were given in Table 5 and Fig. 4, respectively. In 

the cases SAE and SAW, the generation numbers were 218 and 187, the final weights 1372.1 and 

1357.7kg, and the time of computation were 28 and 5 minute, respectively. 

Table 4 

Member Groups. 

No. Member No. Member 

1 1, 2, 3, 4, 5, 6 7 37, 38, 39, 40, 41, 42 

2 7, 8, 9, 10, 11, 12 8 43, 44, 45, 46, 47, 48 

3 13, 14, 15, 16, 17, 18 9 49, 50, 51, 52, 53, 54 

4 19, 20, 21, 22, 23, 24 10 55, 56, 57, 58, 59, 60 

5 25, 26, 27, 28, 29, 30 11 61, 62, 63, 64, 65, 66 

6 31, 32, 33, 34, 35, 36 12 67, 68, 69, 70, 71, 72 
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Table 5 

Results of Optimization for Example 2. 

Group no. 
Areas (cm

2
) 

SAE SAW 

1 0.8272 0.8272 

2 1.127 1.127 

3 1.727 1.727 

4 2.777 3.267 

5 10.57 10.57 

6 13.66 12.99 

7 21.15 19.15 

8 27.54 25.11 

9 8.229 8.229 

10 10.57 10.57 

11 10.57 10.57 

12 10.57 10.57 

Weight (kg) 1372.1 1357.7 

Generation no. 218 187 

Time (min.) 28 5 

 

 
Fig. 4. History of convergence for example 2 with SA. 
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8. Conclusions 

In this paper, optimum design of structures for seismic loading was obtained by SA method. 

DWT was used to reduce the computational time. The earthquake record was decomposed into a 

number of points using DWT and the structures were analyzed for these reduced points. Two 

space trusses were designed. From the two example, the following results can be driven: 

(a) The iteration histories show that SA converges uniformly. 

(b) The value of objective function in SAW was lesser than SAE. 

(c) DWT and RWT were an effective approach for reducing the computational cost of 

optimization. 

(d) In SAW method the execution time is reduced and the maximum error is negligible. 

References 

[1] Khademi F, Akbari M, Jamal SM. Prediction of Compressive Strength of Concrete by Data-Driven 

Models. I-Manager’s J Civ Eng 2015;5:16–23. doi:10.26634/jce.5.2.3350. 

[2] Behfarnia K, Khademi F. A comprehensive study on the concrete compressive strength estimation 

using artificial neural network and adaptive neuro-fuzzy inference system. Int J Optim Civ Eng 

2017;7:71–80. 

[3] E S, J S, A H. Continuous-discrete optimization of structures using second-order approximation. Int 

J Eng 2004;17:27–42. 

[4] Salajegheh E, Heidari A. Optimum design of structures against earthquake by adaptive genetic 

algorithm using wavelet networks. Struct Multidiscip Optim 2004;28:277–85. doi:10.1007/s00158-

004-0422-z. 

[5] Salajegheh E, Heidari A. Optimum design of structures against earthquake by wavelet neural 

network and filter banks. Earthq Eng Struct Dyn 2005;34:67–82. doi:10.1002/eqe.417. 

[6] Salajegheh E, Heidari A, Saryazdi S. Optimum design of structures against earthquake by discrete 

wavelet transform. Int J Numer Methods Eng 2005;62:2178–92. doi:10.1002/nme.1279. 

[7] Heidari A. Optimum design of structures for earthquake induced loading by genetic algorithm 

using wavelet transform. Adv Appl Math Mech 2010;2:107–17. 

[8] Kirkpatrick S, Gelatt CD, Vecchi MP. Optimization by Simulated Annealing. Science (80- ) 

1983;220:671–80. doi:10.1126/science.220.4598.671. 

[9] D CFY, J.Ger L. Multiobjective optimization of dynamic structures. ASCE Struct. Conf. Proc., 

2000. 

[10] Gholizadeh S, Salajegheh E. Optimal design of structures subjected to time history loading by 

swarm intelligence and an advanced metamodel. Comput Methods Appl Mech Eng 

2009;198:2936–49. doi:10.1016/j.cma.2009.04.010. 

[11] Kaveh A, Talatahari S. A novel heuristic optimization method: charged system search. Acta Mech 

2010;213:267–89. doi:10.1007/s00707-009-0270-4. 

[12] Kaveh A, Talatahari S. Optimal design of skeletal structures via the charged system search 

algorithm. Struct Multidiscip Optim 2010;41:893–911. doi:10.1007/s00158-009-0462-5. 

[13] Kaveh A, Talatahari S. A charged system search with a fly to boundary method for discrete 

optimum design of truss structures. Asian J Civ Eng 2010;11:277–93. 

[14] HEYDARI A, Salajegheh E. Approximate dynamic analysis of structures for earthquake loading 

using FWT. Int J Eng 2007;20:1–11. 



 A. Heidari, J. Raeisi/ Journal of Soft Computing in Civil Engineering 2-4 (2018) 23-33 33 

[15] HEIDARI A, SALAJEGHEH E. Wavelet Analysis for Processing of Earthquake Records. Asian J 

Civ Eng 2008;9:513–24. 

[16] Heidari A, Raeisi J, Kamgar R. Application of Wavelet Theory in Determining of Strong Ground 

Motion Parameters. Int J Optim Civ Eng 2018;8:103–15. 

[17] Naderpour H, Fakharian P. A synthesis of peak picking method and wavelet packet transform for 

structural modal identification. KSCE J Civ Eng 2016;20:2859–67. doi:10.1007/s12205-016-0523-

4. 

[18] JBTM R. Wavelets for signal and image processing. Lecture notes. Dep. Comput. Sci. Rijksuniv. 

Groningen, NL, 1993. 

[19] Bennage WA, Dhingra AK. Single and multiobjective structural optimization in discrete-

continuous variables using simulated annealing. Int J Numer Methods Eng 1995;38:2753–73. 

doi:10.1002/nme.1620381606. 

[20] Hasançebi O, Erbatur F. Layout optimisation of trusses using simulated annealing. Adv Eng Softw 

2002;33:681–96. doi:10.1016/S0965-9978(02)00049-2. 

[21] CHEN G-S, BRUNO RJ, SALAMA M. Optimal placement of active/passive members in truss 

structures using simulated annealing. AIAA J 1991;29:1327–34. doi:10.2514/3.10739. 

[22] Paz M. Structural dynamics: theory and computation. McGraw Hill, New York; 1997. 

[23] Cohen A. Ten Lectures on Wavelets, CBMS-NSF Regional Conference Series in Applied 

Mathematics, Vol. 61, I. Daubechies, SIAM, 1992, xix + 357 pp. J Approx Theory 1994;78:460–1. 

doi:10.1006/jath.1994.1093. 

[24] Farge M. Wavelet Transforms and their Applications to Turbulence. Annu Rev Fluid Mech 

1992;24:395–458. doi:10.1146/annurev.fl.24.010192.002143. 

 


	1. Associate Professor, Department of Civil Engineering, Shahrekord University, Shahrekord, Iran
	2. M.Sc., Department of Civil Engineering, Shahrekord University, Shahrekord, Iran
	Corresponding author: heidari@eng.sku.ac.ir
	1. Introduction
	2. Simulated annealing
	3. Wavelet transform
	4. DWT of earthquake record
	5. RWT of responses
	6. The main steps of optimization with DWT and RWT
	7. Two numerical examples of truss
	7.1. Example number 1
	7.2. Example number 2

	8. Conclusions
	References

